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Abstract: This research examined the effect of relationship between competitive intelligence systems and service
delivery performance within telecommunications companies in Rivers State, Nigeria. The study conducted a cross-
sectional survey research design technique. The study comprised a total target population of 85 employees from 4
statistically selected relevant telecommunication companies in Rivers State. Based on this 63 was statistically selected
as the sample size, using stratified sampling techniques, the likert 5 point scale structured questionnaire was used in
the collection of both qualitative and quantitative data after ascertaining the validity and reliability of the data
collection instrument. After data cleaning, 63 copies of the questionnaire were found fit for us in the analysis, four
hypotheses were posited and tested. The research data were descriptively and inferentially analyzed using spearman’s
Rank Order correction coefficient statistical technique at 0.05 level of significance with the aid of statistical package
for social sciences software. Based on the analyses, the results revealed that there is a positive significant relationship
between the predictor and criterion variables and measures of service delivery performance. The findings suggests
that by implementing competitive intelligence systems will enhance service quality delivery and create more values
for telecommunication companies. Based on this, the study recommended that telecommunication companies should
encourage competitive intelligence systems as to improve and enhance service quality delivery which could lead to
high level of productivity and end product users satisfaction.

Keywords: Reporting Business Intelligence Systems, Monitoring Business Intelligence Systems, Operational
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Introduction

Effective service delivery has a specific goal in mind to meet with expectation to an end product
user. Though product may be termed more of a tangible or physical object. according to Gronroos
and Ravald (2011) high quality services delivery is a vital pursuit for service providers that aim to
create and provide value in their service delivery. Delivering services of high quality is an
important pursuit for service providers that seek to create and provide value to their customers
through the provision of high levels of service quality, companies can achieve increased customers
satisfaction, loyalty and therefore long term profitability (Zeithaml and Bitner 2000). In order to
provide high level of service quality and therefore create value for their customers, service
organization needs to plan the delivery of their services and to ensure the successful
implementation of the actual plan. Furthermore, continuous improvement of service procedures
contributes to the optimization of service delivery system and enhances the organization’s
standards of service.
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The telecommunications sector in Nigeria has experienced exponential growth, with over 78
million active users by 2010, positioning it as Africa's leading wireless communications market
(Nigerian Communications Commission, 2011). Despite this growth, persistent consumer
complaints regarding high call rates, long wait times, subpar signal quality, and other service-
related issues persist (Nigerian Communications Commission, 2020). These challenges underscore
the necessity for telecom operators to enhance service delivery to meet evolving customer
expectations. Furthermore, the advent of big data and machine intelligence has heightened the
demand for external expertise to drive innovation and productivity in organizations (Benner &
Tushman, 2003). Business intelligence (BI) systems have emerged as indispensable tools for
decision-making and organizational research, offering insights to improve operational efficiency
and enhance organizational intelligence (Trieu, 2017). While BI adoption has gained traction due
to its potential to enhance productivity, its effective implementation remains a critical challenge
(Boonsiritomachai et al., 2014).

Business growth on the other hand is a concept that has been extensively studied by scholars in
various fields, including economics, management, and entrepreneurship. It refers to the process of
expanding a business’s operations, increasing its revenue, and improving its profitability over time.
Scholars have identified several strategies that can contribute to business growth. These include
market penetration, product development, market development, and diversification. Market
penetration involves increasing sales of existing products in existing markets, while product
development focuses on creating new products for existing markets, Market development entails
expanding into new markets with existing products, and diversification involves developing new
products for new markets.

Artificial intelligence (AI) has emerged as a transformative technology that offers various
opportunities for business growth and development. Scholars have extensively explored the links
between Al-enabled opportunities and different aspects of business growth, including process
improvement, customer insights, innovation, risk reduction, demand forecasting, and business
model innovations (Prasenjit, 2023)

This current era is arguably the most thrilling time in human history, characterized by rapid
technological advancements. We witness robots employed in various industries, self-driving cars,
smart watches capable of monitoring people’s health, and artificial intelligence (AI) systems
outperforming world champions in games like Chess and Go (Nesa et al., 2018). The internet is
now saturated with articles discussing Al, its latest breakthroughs, and the profound effects it has
on individuals, society, and businesses. Studies have shown that Al is increasingly recognized as
a crucial factor in driving business growth in various industries. Its ability to process vast amounts
of data, extract valuable insights, and automate complex tasks has the potential to transform
business operations, enhance decision-making, and improve customer experiences. Artificial
intelligence has the potential to drive business growth by improving productivity, enhancing
customer satisfaction, improving efficiency, creating new business models, and contributing to
economic growth. By leveraging AIl, businesses can gain a competitive advantage, improve
decision-making, and achieve their growth objectives.

The term artificial intelligence was first coined in the 1950s. Since then, scientists have been
working to develop systems capable of performing tasks that require cognitive skills and operating
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with some degree of autonomy. In recent years, however, something has changed. Whereas Al
used to be the domain of scientists, enthusiasts and science-fiction lovers, the technology now
speaks to the imagination of a wider audience. In other words, Al appears to have taken off with
irrevocable effects for society (Haroon et al., 2021). Artificial intelligence involves the
development of intelligent machines that can perform tasks that would normally require human
intelligence. It involves the use of machine learning technology, software, automation, and
algorithms to make predictions, perform tasks, and solve problems.

Service delivery, defined as the anticipation of customer needs and satisfaction through the
provision of services in exchange for remuneration, is crucial for organizations aiming to secure
market share and competitive advantage (Shanka, 2012; Zwick et al., 2015). It involves a complex
interplay of factors tailored to meet the diverse expectations of customers, ensuring value co-
creation and satisfaction (Ojasalo, 2010). Both in government and commercial sectors, effective
service delivery is pivotal for sustained success, particularly in competitive markets where factors
like quality, contentment, and loyalty significantly influence consumer preferences (Adamu et al.,
2012).

Recent research has explored various aspects of BI systems, including their impact on SME
performance, critical success factors for implementation, and adoption determinants in developing
countries (Francis, 2020; Lateef & Keikhosrokiani, 2022; Nithya & Kiruthika, 2021; Rouhani et
al., 2018; Owusu et al., 2017). However, there remains a gap in understanding the relationship
between BI systems and service delivery performance, particularly in the context of telecom firms
in Port Harcourt, Nigeria. This study aims to address this gap by examining how reporting and
monitoring intelligence BI systems influence service delivery performance in telecom firms in Port
Harcourt. Specifically, the research seeks to uncover the underlying reasons for operational
inefficiencies and poor service quality that have contributed to declining customer satisfaction in
the telecom sector. By identifying and analyzing these factors, the study endeavors to provide
valuable insights for enhancing service delivery and customer experience in the Nigerian
telecommunications industry.

Objectives of the Study
The major aim of this study is to investigate the relationship between service quality delivery
enhancement and competitive intelligence system specifically, the study shall seek to:

1. Examine the nature of relationship between reporting intelligence business systems and
service quality delivery of telecommunication companies in Rivers State.
2. Evaluate the magnitude of relationship between monitoring intelligence system and service

quality delivery of extent of telecommunication companies in Rivers State

Research Questions
The following research questions were used as a guide in the research work:

1. What is the nature of relationship between reporting business intelligence system and
service quality delivery of telecommunication companies in Rivers State?
2. What is the extent of relationship between monitoring business intelligence system and

service quality delivery of telecommunication companies in Rivers State?
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Hypotheses

The following hypotheses were stated in a null form:

Hoi: There is no significant relationship between reporting business intelligence system and
operational efficiency of telecommunication companies in Rivers State.

Ho2:  There is no significant relationship between reporting business intelligence system and
service quality of telecommunication companies in Rivers State.

Hos: There is no significant relation between monitoring business intelligence systems and
operational efficiency of telecommunication companies in Rivers State.

Ho4:  There is no significant relationship between monitoring business intelligence system and
service quality of telecommunication companies in Rivers State.

Literature Review

Theoretical Framework

The study is anchored within the theoretical framework of the SERVQUAL model, introduced by
Parasuraman et al. (1985). This model delineates essential methodologies for businesses to
comprehend and address customer expectations effectively before actual service provision. It
delineates five critical dimensions ’of reliability, assurance, responsiveness, tangibility, and
empathy that guide companies in meeting consumer expectations accurately, reflecting real-world
scenarios. As such, our examination of service delivery performance within a public
telecommunication entity aligns closely with the dimensions outlined in the SERVQUAL model,
aiming to foster enhanced relationships between the organization and its clientele.

Conceptual Review

Business Intelligence Systems

The concept of business intelligence became more and more used during the last years and now,
this association of terms is used across different fields from data technology to business modeling.
Business intelligence represents a wide range of applications technologies for collecting, storing,
analyzing and providing access to information for improving business process modeling quality.
Therefore, business intelligence is based on aggregate of concepts and technologies which co-
operate for helping companies and their decisional activities. In the current environment,
everything is based on information, companies provide informational activities needs and the
internet makes the information transfer without having distances barriers. Researchers in business
intelligence revealed that storing, analyzing and exploiting an organization’s data could provide
precious information to a company such as predications, patterns or complex reports.

Business intelligence (BI) includes a suite of tools and methodologies enabling organizations to
gather, process, and analyze vast datasets for informed decision-making (Wang & Wang, 2008).
Effective BI systems facilitate streamlined access to reliable information, crucial for strategic
management and stakeholder decision-making (Farzaneh et al., 2018). By offering comprehensive
insights into organizational operations, BI systems expedite decision-making processes, bolstering
operational efficiency and strategic alignment (Turban et al., 2008). Characteristics of successful
Bl implementation include timely information delivery, enhanced support for organizational goals,
and improved performance metrics (Holsapple et al., 2014).

Reporting Intelligence Business Systems
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Bl solutions play a pivotal role in translating operational and financial data into actionable insights,
particularly crucial in sectors such as healthcare (Wagner, Lee, & Glaser, 2009). These systems
facilitate goal-oriented analysis and reporting, fostering objectivity and diversity across various
organizational facets (Ferrand, 2010). Effective utilization of BI analysis and reporting systems
empowers businesses to strengthen their competitive advantage by deriving deeper insights into
operational intricacies (Frye, 2010).

Monitoring Intelligence Business System

The advent of real-time monitoring tools, including dashboards and Key Performance Indicators
(KPIs), revolutionizes organizational decision-making by providing instantaneous access to
critical metrics (Sabanovic & Silen, 2012). Dashboards offer a centralized repository for actionable
insights, simplifying data interpretation and enabling swift decision-making (Eckerson, 2010).
Leveraging predictive BI systems, albeit complex, offers significant strategic advantages, often
necessitating a blend of outsourced expertise and automated software applications (Vesset &
McDonough, 2007).

Service Delivery Performance

According to Kotler and Keller (2009), the service of delivery concepts encompasses aspects, other
researchers say that the service delivery system consist of procedures, facilities and layouts, the
concept of service delivery performance in this research is a part of overall service system that
processes inputs and forms the elements of services. Service delivery performance constitutes a
pivotal aspect of organizational success, encompassing both physical infrastructure and human
resources (Kotler & Keller, 2009). Effective service marketing entails meticulous attention to both
internal and external service delivery components, ensuring optimal customer experiences
(Lovelock, 2011). Challenges such as network coverage issues underscore the criticality of
seamless service delivery, particularly in sectors like telecommunications (Bujara, 2018).

Operational Efficiency

The fields of engineering and management associate efficiency with how well a relevant action is
performed that is doing things right and effectiveness with selecting the best action doing the right
thing. Operational efficiency, or the ability to deliver products and services cost effectively without
sacrificing quality. The maximum productivity levels serves as a benchmark for desired
performance. Operational efficiency is critical for business organizations as it enables them to offer
competitive process to customers. Operational efficiency emerges as a linchpin strategy for
organizations striving to deliver high-quality goods and services in a cost-effective manner (Neil,
2019). Achieving operational efficiency entails streamlining core business operations, reducing
redundancy, and optimizing resource utilization (Ndolo, 2015). A multifaceted approach
encompassing skilled personnel, robust governance frameworks, and efficient supply chain
management underpins organizational operational efficiency (Kalluru & Bhat, 2009).

Service Quality

Delivering service of high quality is an important pursuit for providers that seek to create and
provide value to their customers through the provision of high levels of service quality. Companies
can achieve increased customers satisfaction, loyalty and therefore create for their customers,
service organizations needs to plan the delivery of their services and ensure the successful
implementation of the actual plan. Notably, many scholars have argued that the main aim of a
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service delivery system is to bridge the gap between customer expectation and customer
experience. Service quality is paramount in the service industry, correlating closely with customer
satisfaction and organizational success (Reeves & Bednar, 1994). Rooted in customer perceptions,
service quality hinges on the alignment between service expectations and actual experiences
(Parasuraman et al., 1985). Studies typically characterize service quality as the disparity between
expected and perceived service levels (Gronroos, 1988). Hence, ensuring service quality
necessitates a nuanced understanding of customer expectations and operational realities (Lewis,
1994).

Empirical Review

In their study conducted in Port Harcourt, Achara and Eke (2023) investigated the correlation
between business intelligence systems and the performance of telecommunications firms in
delivering services. The research utilized a cross-sectional survey design. The findings revealed a
strong and positive association between two aspects of business intelligence systems, namely
reporting intelligence business systems and monitoring intelligence business systems, and two
indicators of service delivery performance, namely operational efficiency and service quality.

Lateef and Keikhosrokiani (2022) delved into the critical success factors influencing business
intelligence (BI) implementation for enhancing the performance of Small and Medium-sized
Enterprises (SMEs) in Lagos State, Nigeria. Through a quantitative research approach involving
165 respondents from SMEs utilizing BI tools, the study employed structural equation modeling
with partial least squares to analyze the acquired data. The findings underscored the significance
of critical success factor elements such as knowledge management, technology orientation, market
intelligence, and entrepreneurial orientation in driving BI adoption among SMEs. Interestingly,
organizational resources, management style, and organizational culture were found to have
negligible impact on BI implementation in SMEs. By elucidating the major success elements
essential for BI adoption and their influence on company outcomes, the study provides valuable
insights for business owners and academia. These insights can inform the development of BI
systems tailored to enhance organizational efficiency in a dynamic business environment,
consequently improving decision-making processes, fostering business growth, stimulating
innovation particularly in fields like fintech, and amplifying overall company performance.

In a similar vein, Nithya and Kiruthika (2021) explored the ramifications of BI adoption on the
performance of banks, aiming to enrich the existing discourse on BI adoption. Employing a
literature review methodology, the study identified a clear gap in the field of Business Intelligence
Adoption (BIA) and sought to fill it by developing a conceptual framework to quantify the
influence of BI adoption on bank performance. Notably, the study introduced Customer
Relationship Management as a moderating variable within the framework to refine the focus of
BIA, thus enabling banks to formulate policies based on the discovered relationships among the
incorporated variables. By conceptualizing a model that could potentially be utilized to monitor
the impact of BIA on bank performance, especially within the purview of customer relationship
management, the study contributes significantly to advancing understanding in this domain.

Furthermore, Irenaeus, Ikechukwu, and Ndubuisi (2021) examined the nexus between competitive
intelligence and organizational performance in small and medium enterprises (SMEs) in South-
East Nigeria. Adopting a survey research design, the study utilized a sample of 328 SME owners
selected from 9731 registered SMEs across the five southeastern states of Nigeria. Leveraging
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statistical procedures like the Freund and Williams method for sample size estimation and
Bowley's proportional allocation formula for sample dispersion, the study found a significant
positive association between technological intelligence and return on investment in SMEs in the
region. Additionally, it highlighted a favorable linkage between competitive intelligence and
organizational performance in SMEs. Among its recommendations, the study advocated for SMEs
to instill in their employees a deep understanding of consumer needs and the imperative of
continuously seeking new business opportunities.

Methodology

A cross-sectional survey method was selected for its ability to capture a snapshot of data from a
specific moment in time, providing insights into the current state of affairs within the industry.
This approach facilitates the assessment of relationships between variables within a defined
population. The study population consists of 85 employees across four prominent
telecommunications companies operating in Port Harcourt, namely MTN, Globacom, Airtel, and
9Mobile. To ensure representative sampling, a sample size of 63 employees was determined using
the Krejcie and Morgan (1970) table, considering the population size and desired confidence level.
Stratified sampling techniques were employed to ensure proportional representation of employees
from each company. A structured questionnaire was designed to gather data from respondents
regarding their perceptions of BI systems and service delivery performance. The questionnaire
included items measuring reporting intelligence and monitoring intelligence systems, each
comprising five dimensions. Additionally, operational efficiency and service quality, the criterion
variables, were assessed through five items each. Responses were recorded on a 4-point Likert
scale, ranging from 1 (strong disagreement) to 4 (strong agreement), providing a nuanced
understanding of employee perspectives. Statistical Package for Social Sciences (SPSS) version
21 was utilized to analyze the collected data. Bivariate hypotheses were examined using the
Spearman Rank Order Correlation, a non-parametric measure suitable for assessing the strength
and direction of relationships between variables in ordinal data sets. This analytical approach
enables the identification of potential correlations between BI systems and service delivery
performance indicators.
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Table 1: Validity Test

Average Monitoring Operational | Reporting Service
Variance Intelligence Business | Efficiency Intelligence Quality
Extracted System Business Systems
Monitoring
Intelligence
Business System | 0.517 0.719 - - -
Operational
Efficiency 0.565 0.401 0.752 - -
Reporting
Intelligence
Business Systems | 0.560 0.298 0.238 0.748 -
Service Quality 0.513 0.304 0.247 0.309 0.716

Source: SPS version 21

Table 1 presents the results of the validity test conducted on the constructs in the study. The table
displays the Average Variance Extracted (AVE) values for each construct and their relationships
with other constructs. The AVE represents the amount of variance captured by the indicators of a
particular construct. In this table, the construct "Monitoring Intelligence Business System" has an
AVE of 0.517, indicating that 51.7% of the variance in its indicators is explained by the construct
itself. Similarly, the construct "Operational Efficiency" has an AVE of 0.565, meaning that 56.5%
of the variance in its indicators is accounted for by the construct. The construct "Reporting
Intelligence Business Systems" has an AVE of 0.560, signifying that 56.0% of the variance in its
indicators is captured by the construct. Lastly, the construct "Service Quality" has an AVE 0f 0.513,
indicating that 51.3% of the variance in its indicators is accounted for by the construct. The table
also reveals the relationships between the constructs. For example, the value of 0.719 represents
the AVE of the "Monitoring Intelligence Business System" construct when examining its
correlation with the "Operational Efficiency" construct. Similarly, the value of 0.752 represents
the AVE of the "Operational Efficiency" construct when examining its correlation with the
"Reporting Intelligence Business Systems" construct. Overall, the AVE values in Table 1 indicate
that the constructs have satisfactory convergent validity, as they all exceed the recommended
threshold of 0.5.

Table 2: Reliability Test

Cronbach's Composite

alpha reliability
Reporting intelligence business systems 0.797 0.811
Monitoring intelligence business system 0.771 0.824
Operational efficiency 0.718 0.815
Service quality 0.731 0.819

Source: SPSS version 21

Table 2 provides the results of a reliability test for various dimensions or constructs in the study.
The two reliability measures reported in the table are Cronbach's alpha and composite reliability.
Cronbach's alpha is a commonly used measure of internal consistency reliability, which assesses
how closely related a set of items or variables are within a construct. It ranges from 0 to 1, with
higher values indicating greater reliability. In Table 2, the constructs being evaluated are
"Reporting intelligence business systems," "Monitoring intelligence business system,"
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"Operational efficiency," and "Service quality." The corresponding Cronbach's alpha values for
these constructs are 0.797, 0.771, 0.718, and 0.731, respectively. These values suggest that the
items within each construct are moderately to highly reliable. Composite reliability is another
measure of reliability that evaluates the internal consistency of a set of items. Like Cronbach's
alpha, it ranges from 0 to 1, with higher values indicating greater reliability. In Table 2, the
composite reliability values for the constructs are reported alongside Cronbach's alpha. The
composite reliability values for the constructs "Reporting intelligence business systems,"
"Monitoring intelligence business system," "Operational efficiency," and "Service quality" are
0.811, 0.824, 0.815, and 0.819, respectively. These values also indicate moderate to high reliability
for the constructs.

Result and Discussion
Table 3: Relationship between reporting intelligence business systems and operational
efficiency

Reporting Intelligence Operational Efficiency
Business Systems
Correlation Coefficient 1.000 .893
Sig. (2-tailed) .000 .000
N 63 63
Correlation Coefficient .893 1.000
Sig. (2-tailed) .000 .000
N 63 63

Source: SPSS version 21

Table 3 presents the relationship between reporting intelligence business systems and operational
efficiency within the telecommunications sector of Port Harcourt. The correlation coefficient
between reporting intelligence business systems and operational efficiency is strong, with a value
of .893 (p < .001). This indicates a significant positive correlation between the two variables,
suggesting that as reporting intelligence systems improve, operational efficiency tends to increase
as well. Similarly, the correlation coefficient for operational efficiency with reporting intelligence
systems is .893 (p <.001), reinforcing the robustness of the relationship. These findings underscore
the importance of reporting intelligence systems in enhancing operational efficiency within
telecommunications companies in Port Harcourt.

Table 4: Relationship between reporting intelligence business systems and service quality

Reporting Intelligence Service Quality
Business Systems
Correlation Coefficient 1.000 613
Sig. (2-tailed) .000 .000
N 63 63
Correlation Coefficient 613 1.000
Sig. (2-tailed) .000 .000
N 63 63

Source: SPSS version 21

Table 4 presents the correlation analysis between reporting intelligence business systems and
service quality within the telecommunications companies surveyed. The correlation coefficient
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between reporting intelligence business systems and service quality is .613, indicating a
moderately strong positive relationship between these two variables. The statistical significance of
this relationship is confirmed by a p-value of .000, suggesting that the observed correlation is
unlikely to have occurred by chance. Similarly, the correlation coefficient between service quality
and reporting intelligence business systems is also .613, with a significant p-value of .000. This
reciprocal relationship underscores the interdependence between reporting intelligence systems
and service quality, implying that improvements in reporting intelligence may lead to
enhancements in service quality, and vice versa. With a sample size of 63 respondents for both
variables, these findings provide empirical support for the positive association between reporting
intelligence business systems and service quality within the telecommunications sector.

Table 5: Relationship between monitoring intelligence business systems and operational
efficiency

Monitoring Intelligence Operational Efficiency
Business Systems
Correlation Coefficient 1.000 .856
Sig. (2-tailed) .000 .000
N 63 63
Correlation Coefficient .856 1.000
Sig. (2-tailed) .000 .000
N 63 63

Source: SPSS version 21

Table 5 presents the correlation analysis between monitoring intelligence business systems and
operational efficiency within the telecommunications companies surveyed. The correlation
coefficient of 0.856 indicates a strong positive relationship between monitoring intelligence
business systems and operational efficiency. This finding suggests that as the implementation and
utilization of monitoring intelligence systems increase, operational efficiency also tends to
improve significantly.

The significance level (Sig.) for both variables is reported as .000, indicating that the observed
correlations are statistically significant at the 0.05 level (p < 0.05). This implies that the
relationship between monitoring intelligence systems and operational efficiency is unlikely to have
occurred by chance. The results imply that companies investing in monitoring intelligence systems
are likely to experience enhanced operational efficiency. By leveraging real-time data and insights
provided by these systems, organizations can streamline processes, identify bottlenecks, and make
data-driven decisions to optimize resource allocation and workflow management. This finding
aligns with previous empirical research demonstrating the positive impact of monitoring
intelligence systems on operational performance across various industries. For instance, a study
by Nithya,andKiruthika, (2021)found that companies utilizing advanced monitoring intelligence
technologies achieved greater operational efficiency and responsiveness, leading to improved
overall performance metrics.
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Table 6: Relationship between monitoring intelligence business systems and service quality

Monitoring Intelligence Service Quality
Business Systems
Correlation Coefficient 1.000 337
Sig. (2-tailed) .000 .000
N 63 63
Correlation Coefficient 337 1.000
Sig. (2-tailed) .000 .000
N 63 63

Source: SPSS version 21

Table 6 displays the relationship between monitoring intelligence business systems and service
quality within the telecommunications sector of Port Harcourt. The correlation coefficient between
monitoring intelligence business systems and service quality is 0.337, which indicates a
moderately positive relationship. The significance level (Sig.) for this correlation coefficient is
0.000, suggesting that the relationship is statistically significant at the 0.05 level. The implications
of these results suggest that there is a meaningful association between the implementation of
monitoring intelligence business systems and the perceived quality of services provided by
telecommunications companies. A higher level of monitoring intelligence appears to correspond
with improved service quality. This finding aligns with previous empirical research that has
highlighted the positive impact of monitoring intelligence systems on service quality within
various industries. For instance, a study by Wang and Lu (2019) found that effective monitoring
intelligence systems contributed to enhanced service quality in the banking sector, leading to
greater customer satisfaction and loyalty. Similarly, research by Li et al. (2020) demonstrated the
correlation between monitoring intelligence technologies and service quality improvements in the
healthcare industry.

Conclusion

The findings of this study reveal significant relationships between business intelligence (BI)
systems and key performance indicators within the telecommunications sector of Port Harcourt.
Reporting intelligence and monitoring intelligence systems exhibit robust correlations with
operational efficiency and service quality, underscoring their importance in enhancing
organizational performance. Specifically, reporting intelligence systems demonstrate a strong
positive correlation with operational efficiency and service quality, indicating that improvements
in reporting intelligence contribute to increased operational efficiency and higher service standards
within telecommunications companies. Similarly, monitoring intelligence systems exhibit strong
positive correlations with both operational efficiency and service quality, implying that
investments in monitoring intelligence technologies can lead to improved operational performance
and service delivery. Based on the study's findings, the following recommendations are proposed
for telecommunications companies in Rivers State:

1. Companies should prioritize investments in reporting intelligence systems to enhance
operational efficiency and service quality. By leveraging advanced reporting tools and
analytics platforms, organizations can gain actionable insights into their operations and
customer interactions, enabling informed decision-making and process optimization.

2. The adoption of monitoring intelligence technologies should be encouraged to facilitate
real-time monitoring of key performance metrics and service delivery processes. By

11
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deploying advanced monitoring systems, companies can proactively identify issues,
streamline workflows, and improve overall service quality.

3. Telecommunications companies should implement continuous improvement initiatives
aimed at refining reporting and monitoring intelligence systems over time. Regular
assessments and updates to these systems will ensure their relevance and effectiveness in
meeting evolving business needs and customer expectations.

4. Adequate training and development programs should be provided to employees to enhance
their proficiency in utilizing BI systems effectively. Empowering staff with the necessary
skills and knowledge will maximize the benefits derived from reporting and monitoring
intelligence implementations.
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